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Business

Review Technology Will Replace
Many Doctors, Lawyers,
and Other Professionals

by Richard Susskind and Daniel Susskind
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Real-Time Automated Segmentation of Challenging

Suspicious Breast Masses

Viksit Kumar, Jeremy Webb, Adrianna Gregory, Max Denis, Mostafa Fate_rni.- Azra Ahzgd
Ultrasound Research Laboratory, Department of Physiology and Biomedical Engineering

Mayo Clinic, Rochester, MN

Results Conclusions
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eving planes, cbtained from 260 patients gathered by cinically-cortied figure 5(d) a5 @ function of ing number of The close Wo have developed an algodthm which  can
_wmhwmmmmmmm averiap of the segmented and the predicted seg ! the automatically segment  Suspcious matses i real tme
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- Weutilized the CNN based U-net model proven effective at medical
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THIS 15 YOUR MACHINE LEARNING SYSTET]?

YUP! YOU POUR THE DATA INTO THIS BIG
PILE OF UNEAR ALGEBRA, THEN COLLECT
THE ANSWJERS ON THE CTHER SIDE.

WHAT IF THE ANSWERS ARE LURONG? )

JUST STIR THE PILE DNTIL
THEY START LOOKING RIGHT.

https://xkcd.com/1838/
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